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Abstract

This study examines the moderating role of generative artificial intelligence conversations in
the relationship between perceived social support and quality of life among 252 young adults (18-30
years). Results indicate that generative Al usage significantly moderates this relationship, with distinct
effects depending on the level of dependency. In individuals with low dependency, social support
remains the primary predictor of quality of life; however, in those with high dependency, this
relationship is substantially attenuated. Analysis reveals that the type of usage significantly influences
this effect: emotional and recreational use diminishes the benefits of social support, while informational
and professional use does not show this impact. The explanatory mechanism identified shows that
emotional use contributes to the development of Al dependency, thereby reducing the ability to leverage
traditional social support. These findings emphasize the importance of balanced use of conversational
technologies to maintain the benefits of authentic interpersonal relationships.
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1. INTRODUCTION

In the contemporary digital era, traditional social interactions are increasingly being
supplemented or even replaced by technologically mediated interactions. Recently, generative
artificial intelligence systems have become accessible conversational partners for millions of
users. These systems offer not only information but also a form of interaction that mimics
human conversations, demonstrating sophisticated capabilities for natural language processing
and contextual response (Hancock et al., 2020; OECD, 2021). This mimicry can apparently
diminish the need for social support, a fundamental factor for psychological well-being and
quality of life (Cohen & Wills, 1985). Numerous studies have demonstrated the direct link
between the perception of social support and quality of life indicators, including in young adults
(Taylor et al., 2011). However, the way in which emerging technologies, especially
conversational Al, influence this relationship remains insufficiently explored.
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Recent literature suggests that young people can develop emotional attachments to
conversational technologies (Turkle, 2012; Skjuve, 2021), and these systems can provide a
certain type of perceived social support (Ta et al., 2020). Empirical studies have shown that
interactions with conversational agents can generate social and emotional responses similar to
those in human interactions (Nass & Moon, 2000; Mou & Xu, 2017). Artificial agents,
including conversational chatbots, can constitute an important source of social support for
users, with significant implications for their well-being and quality of life. Although most
studies have focused on the role of these technologies in specifically stressful situations or in
medical contexts, Ta et al. (2020) highlight the importance of analysing the social support
provided by artificial agents in everyday interactions. According to these authors, companion
chatbots offer multiple forms of social support, predominantly: companionship support
(reducing feelings of loneliness through 24/7 accessibility and simulating human
communication), emotional support (creating a ,,safe space” for self-disclosure without fear of
being judged), informational support (offering useful advice and information), and appraisal
support (facilitating self-reflection and self-evaluation). Interactions with chatbots can provide
a level of trust and comfort that encourages self-disclosure, an aspect that can be particularly
valuable for young adults who are frequently more reluctant to discuss certain topics with other
people due to fears related to social judgment. This dimension of interaction with generative
Al may explain the differentiated effects we have identified depending on the type of use and
level of dependency.

The conclusions of these studies strengthen the premise of our research that artificial
agents, including conversational chatbots, can represent a significant source of social support
in everyday life, with potentially transformative implications for the psychological well-being
of young adults, thus complementing the traditional social support offered by human
interactions. However, although chatbots are perceived as accepting, available, and capable of
empathically satisfying users' communication needs, these sources of support can also have a
,.dark side” that may diminish quality of life. Recent research shows that excessive dependency
on Al interactions can lead to social isolation (Eling, 2025, in press), atrophy of interpersonal
communication skills, and a distorted perception of authentic relationships (Boyd &
Markowitz, 2025, in press). Additionally, studies have highlighted that frequent interactions
with chatbots can create unrealistic expectations regarding human communication, as
generative Al is programmed to provide optimized responses, lacking the inconsistencies and
limitations characteristic of interpersonal communication (Naik et al., 2025, in press). There
are voices that warn that Al companions rather reproduce than sustainably reduce the dynamics
of loneliness, and loneliness simply becomes ,,digitized loneliness” (Jacobs, 2024; Lemay et
al., 2019).

The present study aims to investigate the moderating role of conversations with
generative Al in the relationship between perceived social support and quality of life in young
adults. Unlike previous research that has predominantly focused on the direct effects of
interactions with Al, our approach examines how these interactions can modify the well-
established relationship between traditional social support and the perception of quality of life.
This perspective offers a more nuanced understanding of the impact of conversational
technologies on young adults, in a period when identity development and establishing
significant social relationships represent fundamental processes. The original contribution
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consists of examining the differentiated effects of interactions with generative Al according to
the type of use and level of dependency, thus offering a more nuanced perspective on the
conditions in which these technologies can augment or, conversely, diminish the benefits of
traditional social support on quality of life. The results can guide both psychological
interventions and the development of more responsible Al systems that maximize potential
benefits for the well-being of young users while minimizing associated risks.

2. OBJECTIVE AND HYPOTHESES
2.1. OBJECTIVES

1. Evaluating the relationship between perceived social support and quality of life
in young adults.

2. Investigating the potential mediating or moderating role of generative Al
dependency in this relationship.

3. Exploring differences based on the intensity of generative Al usage and the
purpose of interactions.

2.2. HYPOTHESES

1. There is a significant positive relationship between perceived social support and
quality of life in young adults.
2. Generative Al dependency moderates the relationship between social support and
quality of life, such that:
a. In individuals with low Al dependency, social support remains the primary
predictor of quality of life.
b. At high levels of Al dependency, the relationship between social support and
quality of life is attenuated.
3. The type of interaction with generative Al (informational vs. emotional) influences
the nature of the moderating effect.

3. METHOD

3.1.Participants
The study included 252 participants aged between 18 and 30 years, recruited through
stratified sampling from academic and professional environments. 139 were female (55.1%).
Inclusion criteria were familiarity with generative Al systems and using them at least once a
week in the past 3 months.
3.2. Instruments
1. Perceived Social Support Scale (PSSS) (Zimet et al.,, 1988). A 12-item
instrument that measures the perception of support from family, friends, and
significant others, with scores from 1 to 7 on a Likert scale. Psychometric
properties include Cronbach's a = .91 and construct validity demonstrated in
numerous studies.
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2. WHOQOL-BREF (WHO, 1998). Standardized instrument for assessing quality
of life, with 26 items covering physical, psychological, social, and
environmental domains. Scores range between 1 and 5, with Cronbach's o = .88
and solid concurrent validity.

3. Generative AI Dependency Scale (GADS) (Goh, 2025). A recent scale with 11
items that measures psychological dependency on interactions with generative
Al The scale includes subscales for Cognitive Preoccupation (prominence and
compulsive use, 3 items e.g., ,,My decisions are often influenced by generative
ATI”), Negative Consequences (4 items, e.g., ,,I feel less confidence in my
abilities without generative AI”’), and Withdrawal (4 items, e.g., ,,I experience
restlessness if I am unable to use generative Al”). Items are rated on a Likert
scale from 1-strongly disagree to 5-strongly agree. Preliminary psychometric
properties indicate Cronbach's a = .93.

4. Demographic and Al Usage Questionnaire. Collects information about age,
gender, educational level, frequency of generative Al usage, main purpose of
use (informational, emotional, recreational, professional, evaluated on a scale
from 1 to 7), and platforms used.

4. RESULTS
4.1.Descriptive Statistics

Descriptive analysis of data by gender reveals significant differences in the perception
of social support and patterns of generative artificial intelligence usage. Women report
significantly higher levels of perceived social support (M =5.61, SD = 0.98) compared to men
M =5.19,SD =1.17, p < .01), with the difference being particularly pronounced for support
from friends (p <.01) and life partner (p <.05).

Regarding quality of life, no significant differences were recorded between genders,
suggesting that the perception of general well-being does not vary substantially by gender
among young generative Al users.

Concerning generative Al dependency, men show significantly higher scores only in
the withdrawal dimension (M = 2.72, SD = 1.18) compared to women (M = 2.48, SD = 1.10,
p <.05). No significant differences were observed in the other dimensions of dependency.

An interesting aspect is observed in the purpose of generative Al usage, with women
reporting significantly more intense use for emotional purposes (M = 3.82, SD = 1.73)
compared to men (M = 3.15, SD = 1.67, p < .01), while men tend to use Al for recreational
purposes (M = 4.87, SD = 1.45) more frequently than women (M = 4.53, SD = 1.58, p <.05).
For informational and professional purposes, no significant differences were recorded.
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Table 1. MSPSS Means and Standard Deviation by gender

Scale Men - M (SD) Women - M (SD) p
N=113 N=139

PSSS - Significant other 5.34 (1.27) 5.78 (1.15) .003*
PSSS - Family 5.21(1.41) 5.47 (1.33) .087
PSSS - Friends 5.03 (1.32) 5.58 (1.09) 001**
PSSS - Total 5.19 (1.17) 5.61 (0.98) .002%*
QOL - Physical 3.87 (0.68) 3.76 (0.72) 165
QOL - Psychological 3.62 (0.75) 3.47 (0.81) .097
QOL - Social 3.65(0.79) 3.72 (0.84) 464
QOL - Environment 3.74 (0.63) 3.71 (0.68) 691
GAID - Cognitive 2.86 (1.15) 2.67 (1.09) 123
GAID - Negative Consequences 2.54 (1.12) 2.43 (1.07) 366
GAID - Withdrawal 2.72 (1.18) 2.48 (1.10) .049*
Informational Purpose 5.87 (1.12) 5.73 (1.18) 290
Emotional Purpose 3.15(1.67) 3.82 (1.73) 001**
Recreational Purpose 4.87 (1.45) 4.53 (1.58) .047*
Professional Purpose 5.63 (1.32) 548 (1.41) 339

*p <.05, **p < .01

4.2. Testing the Hypotheses

HI1. The Relationship Between Perceived Social Support and Quality of Life

Results indicate significant positive correlations between perceived social support and
all domains of quality of life, supporting the first part of our hypothesis. Correlations are weak
to moderate (r = .25 - .58), with the strongest associations observed between total social support
and the social domain of quality of life (r = .58, p <.001).

Table 2. Correlations between Perceived Social Support and Quality of Life

. QOL- QOL- . QOL-
Variables Physical Psychological QOL-Social Environmental
PSSS-Total JHE ATHEE S58H** 35
PSSS-Significant Others 25%E 1k STHE* 30%**
PSSS-Family 2T7HE* Q2HHE A4ExE Vool
PSSS-Friends 20%Hk A3FHE S6%H* S

*Note: ***p <.001

Regression analysis confirms that perceived social support is a significant predictor of
quality of life across all four domains, even after controlling for demographic variables. Its
contribution is substantial, explaining between 9% and 32% of the variance in quality of life.

The strongest effect is observed for the social domain of quality of life (B = .57, AR* =
.32, p <.001), followed by the psychological domain (B = .46, AR?= .21, p <.001). Although
the effect is more modest for the physical and environmental domains, social support remains
a significant predictor for these aspects of quality of life as well.

Table 3. Results of hierarchical regression for Predicting Quality of Life
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Predictor Variables OL- OL- . OL-
P(l?ysical Pschhological QOL-Social Envi?onmental

Step 1. Demographic Variables
Age .07 .09 .04 2%
Gender (0=M, 1=F) -.08 -.10 .06 -.02
Educational Level .14* 16* .10 20%*
R? .03 .04 .01 .05%
Step 2. Social Support
PSSS-Total 30%x* Ao%rE STEEE 33k
AR? LQOFx* 2 HrE 2%k A
Total R? 2%k 5%k 33k d6%**

*Note: Values in the table represent standardized beta coefficients. *p < .05, **p <.01, ***p < .001

H?2. The Moderating Effect of Generative Al Dependency

To test the moderation hypothesis, we conducted a hierarchical regression analysis with
interaction, examining whether the intensity of the relationship between perceived social
support and different domains of quality of life varies according to the level of generative Al

dependency.
Table 4. Results of moderation analysis for the effect of AI Dependency

Predictors QOL-Physical QOL-Psychological QOL-Social QOL-
B (SE) B (SE) B (SE) Environmental
B (SE)

Step 1
PSSS-Total 30%** (L05) A5%%% (.04) S56%** (L04) 34%%% (L05)
GAID-Total -.11* (.05) -.14%* (L05) -.08 (.04) -.16%* (L05)
Step 2
PSSS-Total 31#F%* (L05) A46%** (L04) ST (L04) 35%%% (L05)
GAID-Total -.12* (.05) -.15%*% (.05) -.09* (.04) - 17%*% (L05)
PSSS x GAID - 17%*% (L05) -.19%** (.04) - 15%% (L04) -.12* (L05)
AR? Q3% 048k L02%* 01*
Total R? 8k KD Sk 36H** Bk

*Note: Values represent standardized beta coefficients with standard errors in parentheses. *p < .05,
*p < .01, ¥**p <.001

The analysis reveals a significant interaction effect between perceived social support
and Al dependency for all domains of quality of life (coefficients between = -.12 and B = -
.19, p <.05). To interpret this effect, we calculated the conditional effects at three levels of Al
dependency (Table 5).
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Table 5. Conditional Effects of Social Support on Quality of Life at different levels of Al Dependency

Al Dependency QOL-Physical QOL-Psychological QOL-Social Envi?ogf;l-en tal
o, o, o,

Level 95% CI) 95% CI) 95% CI) (95% CI)
Low (-1SD) ATHEFE (35,.59) .64%** (.53,.75) J1ER* (61, .81)  .46%** (135,.57)
Medium (M)  31%** (.23,.39) .46*** (.38, .54) STEEE (50, .64)  35%** (127, .43)
High (+1SD)  .15* (.03, .27) 28%** (17, .39) A3%F* (131,.55) .24%** (L12,.36)

*Note: Values represent unstandardized regression coefficients with 95% confidence intervals in
parentheses. *p < .05, **p <.001

The results confirm both components of hypothesis 2:
1. At low levels of Al dependency, the relationship between social support and
quality of life is strong (coefficients between .46 and .71).
2. At high levels of Al dependency, the relationship is significantly attenuated
(coefficients between .15 and .43).

The attenuating effect is most pronounced for the physical and psychological domains,
suggesting that high Al dependency may particularly interfere with the benefits of social
support on these aspects of quality of life. The social domain, although affected by moderation,
appears to be the most resilient, indicating that social support remains a relatively strong
predictor of social quality of life even in the presence of Al dependency.

— |ow Al dependency (-15D) Average Al dependency (M) =— High Al dependency (+15D)
5.0
45

4.0

Quallty of Iife (QOL)
=]

1 2 3 4 ] ] 7
Perceived Social Support (PSS)

Figure 1. The Moderating effect of AI Dependency on the relationship between Social
Support and Quality of Life
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H3. The Type of Interaction with Generative Al and the Moderation Effect
For testing this hypothesis, we conducted separate analyses for different types of
generative Al usage, focusing on informational and emotional interactions.

Table 6. Descriptive Statistics and Correlations for Types of Generative Al Use

Al Use Type M (SD) 1 2 3 4 5
1. Informational 5.63 (1.21) -
2. Professional 5.27 (1.36) O1HE* -
3. Emotional 3.48 (1.73) 22%E* 2THE* -
4. Recreational 4.70 (1.52) 5%k 29Kk A3FHE -
5. GAID-Total 2.71 (1.05) 2 HEE 19%* A6%x* A0Fx*

*Note: *p < .05, **p <.01, **p <.001

We observe that emotional use of generative Al has the strongest correlation with the
total score of Al dependency (r = .46, p <.001), suggesting that this type of use might be more
closely linked to the development of dependency.

Table 7. Moderating effects of Informational vs. Emotional use on the relationship between Social
Support and Quality of Life

Model with Informational Use Model with Emotional Use

Predictors B (SE) B (SE)
Step 1

PSSS-Total A5%*%* (,04) A6%** (L04)
Al Use (informational/emotional) .06 (.04) -.13** (.04)
R? D%k 23wk

Step 2

PSSS-Total A5%*F% (L04) ATHFF*(L04)
Al Use (informational/emotional) .05 (.04) -.14%* (.04)
PSSS x Al Use -.04 (.04) -20%** (.04)
AR? .00 .04%%*

Total R? 2 %** 2TH*HE

*Note: Values represent standardized beta coefficients with standard errors in parentheses. **p < .01,
*xEp <.001

The results reveal a significant difference between the moderating effects of the two
types of usage:
1. Informational use does not significantly moderate the relationship between
social support and quality of life (B =-.04, p > .05).
2. Emotional use significantly and negatively moderates this relationship (f = -
.20, p <.001), adding 4% additional explained variance.

To better understand the moderating effect of emotional use, we calculated the
conditional effects at three levels of emotional use of Al
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Table 8. Conditional effects of Social Support on Quality of Life at different levels of emotional Al

use
Level of Emotional Use b (95% CI) P
Low (-1SD) .63 (.52, .74) <.001
Medium (M) 47 (.39, .55) <.001
High (+1SD) 31 (.19, .43) <.001

The results indicate a progressive attenuation of the relationship between social support
and quality of life as the intensity of emotional Al use increases, from a strong effect at low
levels (b =.63) to a significantly diminished effect at high levels (b =.31).

Table 9. Comparison between the moderating effects of different types of Generative Al usage

Al Usage Type Interaction Coefficient () AR? p
Informational -.04 .00 32
Professional -.07 .01 A1
Emotional -.20 .04 <.001
Recreational -.14 .02 <.01

This comparison highlights that only emotional and recreational use of generative Al
significantly moderates the relationship between social support and quality of life, with a
stronger effect for emotional use.

— Low Al use (-15D) Medium Al use (M) = High Al use (+15D)
Informational Use Emotional Use
5.0 5.0
45 45
4.0 4.0
@ 3.5 @ 3.5
| |
L3 L3
5 =]
= 3.0 = 30
s =
3 3
o o
25 25
20 20
15 15
1.0 1.0
1 2 3 4 5 6 7 1 2 3 4 5 6 T
Perceived Social Support (PS5S) Perceived Social Support (PSS)

Figure 2. Comparison Between the Moderating Effects of Informational vs. Emotional Use of Al

The results confirm hypothesis 3, demonstrating that the type of interaction with
generative Al significantly influences the nature of the moderation effect:
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1. Informational and professional use do not moderate the relationship between
social support and quality of life.

2. Emotional use significantly and negatively moderates this relationship.

3. Recreational use presents a significant moderating effect, although less
pronounced than that of emotional use.

Additional analyses - moderated mediation

To explore the mechanisms that might explain the observed differences, we tested a
moderated mediation model. In this model, we examined whether the type of use influences
the relationship between social support and quality of life through AI dependency.

In the emotional use model (Fig. 3), there is a significant mediation effect through Al
dependency: emotional use significantly increases dependency (a = .28, p < .001), which in
turn negatively moderates the relationship between social support and quality of life (b =-.19,
p <.001). In contrast, the informational use model (Fig. 4) does not present such a mediation
effect: informational use does not have a significant influence on dependency (a = .08, p >.05),
and the indirect effect is nonsignificant.

These results explain the mechanism through which emotional use, but not
informational use, interferes with the benefits of social support for quality of life. Emotional
use contributes to the development of dependency, which diminishes the individual's ability to
benefit from traditional social support.

= [irect effect Mediator effect === Main predictor effect = === Non-significant effect
Al
Dependency
Emotional ... ccccccccccncncccncnceciiinsnnnnnsnnnnnsnnnnss Psychological
Al Use c'=-14* Quality of Life
Perceived
Social Support
Figure 3. Model for Emotional Use of Al
== Direct effect Mediator effect == ain predictor effect = Non-significant effect
. .’ Al
a=.08-" Dependency
Informational .. : ............................................... Psychological
Al Use c'=.05 Quality of Life

Social Support

‘ Perceived

Figure 4. Model for Informational Use of Al
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5. CONCLUSIONS

Our study highlighted three main findings: (1) social support is a robust predictor of
quality of life in all domains evaluated; (2) this beneficial relationship is significantly
attenuated at high levels of generative Al dependency; and (3) the type of Al use significantly
influences this moderation effect, with emotional and recreational use having a negative
impact, while informational and professional use do not show this effect. The moderated
mediation analysis revealed the mechanism through which emotional use, but not informational
use, interferes with the benefits of social support: emotional use contributes to the development
of Al dependency, which in turn diminishes the individual's ability to benefit from traditional
social support.

Theoretical implications. Our results extend the social compensation theory in the
digital era, suggesting that using generative Al as an emotional substitute may undermine,
rather than augment, the benefits of authentic social interactions. At the same time, they support
the concept of ,,social Al paradox” - although Al can simulate social interactions, dependency
on it reduces the ability to benefit from real social support.

Practical Implications

1. Individual users should be aware of the types of interactions with Al and
monitor signals of dependency, especially when Al is used for emotional
support.

2. Al developers should design systems that complement, not replace, authentic
human relationships and integrate mechanisms that encourage healthy use.

3. Mental health practitioners should include the use of generative Al in the
assessment protocols of young people, especially for emotional purposes.

Limitations and Future Directions

Our study presents three main limitations: the cross-sectional design which restricts
causal inferences, the predominantly university sample which reduces generalizability, and
measurements based on self-reporting.

Future research would benefit from longitudinal approaches to examine changes over
time, experimental studies to establish causal relationships, and deeper investigations regarding
the effects of different types of Al and contexts of use.

In conclusion, the results do not suggest rejection of generative Al but emphasize the
importance of its conscious and balanced use. Although it represents a valuable tool for
informational and professional purposes, dependency on Al for satisfying emotional needs can
undermine the benefits of authentic social support. It is essential to maintain a critical approach,
leveraging the benefits of technology without compromising human relationships that remain
fundamental to our well-being.

44



Marinela Sirbu — Romanian Journal of Psychological Studies, Hyperion University

REFERENCES

1. Boyd, R. & Markowitz, D. (2025). Artificial Intelligence and the Psychology of
Human Connection. Perspectives on Psychological Science. 10.31234/osf.io/xqrkw_v3.

2. Cohen, S., & Wills, T. A. (1985). Stress, social support, and the buffering hypothesis.
Psychological Bulletin, 98(2), 310-357.

3. Eling, F. (2025). The Psychological Impact of Digital Isolation: How Al-Driven
Social Interactions Shape Human Behavior and Mental Well-Being. International Journal of
Research and Innovation in Social Science. IX. 3697-3705. 10.47772/1JRISS.2025.90400265.

4. Goh, A. Y. H. (2025). Generative artificial intelligence dependency: Scale
development, validation, and its motivational, behavioral, and psychological correlates, Computers in
Human Behavior Reports, Elsevier. p. 1-87. Available at: https:/ink.library.smu.edu.sg/etd coll/774

5. Jacobs, K. A. (2024). Digital loneliness—Changes of social recognition through Al
companions. Frontiers in Digital Health, 6, Article 1281037.
https://doi.org/10.3389/fdgth.2024.1281037

6. Hancock, J. T., Naaman, M., & Levy, K. (2020). Al-mediated communication:
Definition, research agenda, and ethical considerations. Journal of Computer-Mediated
Communication, 25(1), 89-100. https://doi.org/10.1093/jcmc/zmz022

7. Hayes, A. F. (2017). Introduction to mediation, moderation, and conditional process

analysis: A regression-based approach. Guilford Publications.

8. Lemay, D. J., Doleck, T., & Bazelais, P. (2019). Self-determination, loneliness, fear
ofmissing out, and academic performance. Knowledge Management & E-Learning: International
Journal, 485—496. https://doi.org/10.34105/j.kmel.2019.11.025

9. Mou, Y., Xu, K. (2017). The media inequality: Comparing the initial human-human
and human-Al social interactions, Computers in Human Behavior, Volume 72, Pages 432-440, ISSN
0747-5632, https://doi.org/10.1016/j.chb.2017.02.067.

10.  Naik, A., Thomas, J., Sree, T., Himavant, R. (2025, in press). Artificial Empathy: Al
based Mental Health. 10.48550/arXiv.2506.00081.

11. Nass, C., & Moon, Y. (2000). Machines and mindlessness: Social responses to
computers. Journal of Social Issues, 56(1), 81-103. https://doi.org/10.1111/0022-4537.00153

12. OECD (2021). Al and the Future of Skills, Volume 1: Capabilities and Assessments,
Educational Research and Innovation, OECD Publishing, Paris, https://doi.org/10.1787/5ee71f34-en.

13.  Skjuve, M., Folstad, A., Fostervold, K.I., Petter Bae Brandtzaeg, P.B. (2021). My
Chatbot Companion - a Study of Human-Chatbot Relationships, International Journal of Human-
Computer Studies, Volume 149, 102601, ISSN 1071-5819,
https://doi.org/10.1016/1.ijhcs.2021.102601.

14. Ta, V., Griffith, C., Boatfield, C., Wang, X., Civitello, M., Bader, H., DeCero, E., &
Loggarakis, A. (2020). User experiences of social support from companion chatbots in everyday
contexts: Thematic analysis. Journal of Medical Internet Research, 22(3), Article e16235.
https://doi.org/10.2196/16235

15. Taylor, S. E. (2011). Social support: A review. In H. S. Friedman (Ed.), The Oxford
handbook of health psychology (pp. 189-214). Oxford University Press.

16.  Turkle, S. (2012). Alone together: Why we expect more from technology and less
from each other. Basic Books.

17.  WHO Group. (1998). Development of the World Health Organization WHOQOL-
BREF quality of life assessment. Psychological Medicine, 28(3), 551-558.

18.  Zimet, G. D., Dahlem, N. W., Zimet, S. G., & Farley, G. K. (1988). The
multidimensional scale of perceived social support. Journal of Personality Assessment, 52(1), 30-41.

45


https://ink.library.smu.edu.sg/etd_coll/774
https://doi.org/10.1111/0022-4537.00153
https://doi.org/10.1787/5ee71f34-en
https://doi.org/10.1016/j.ijhcs.2021.102601

Marinela Sirbu — Romanian Journal of Psychological Studies, Hyperion University

Copyright: Submission of a manuscript implies that the work described has not except
in the form of an abstract or as part of a published lecture, been published before (or thesis)
and it is not under consideration for publication elsewhere; that when the manuscript is
accepted for publication, the authors agree to automatic transfer of the copyright to the
publisher

46



